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Robotic dexterous grasping is crucial for human-like manipulation. But
it iIs highly under-explored due to the lack of a large-scale dataset. We
present
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DDG (DDGdata) 57.4 0.0493  0.353 56.4 0.0461 0.333
A e : DDG (DexGraspNet) 67.5 0.0582 0.173 75.9 0.0524 0.134
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« Grasping objects on the table: add additional penalty energy
* Functional grasping: utilize semantic labels on objects
* Precision or power grasp: adjust contact point candidates
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